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ABSTRACT

In the existing dimension reordering algorithms, the interactive functions allowing users to perform
order navigation or reorder operations are rarely taken into account. Aiming at this problem, a navigation-
guided correlation matrix is proposed for users to interactively reorder dimensions in radial visualization
(RadViz). A hierarchical clustering algorithm with configurable parameters is specially designed for

RadViz to recommend the initial dimension order. The dendrogram of results is employed to help users
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interactively reorder,select and delete dimensions for feature subset selection. Experiments show that the

proposed method is interactive, user-friendly and helpful for alleviating the overlapping problem of data

projections in RadViz.
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Fig.1  Flow chart of the proposed algorithm
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